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[ T OneDrive/Python_Machine_learr X | & 02-Elderly_all_attribute plot - Ju; X | & 01-Prologue.Elderly_Datascienc: X | + - o
< C @ (D localhost:8888/tree/OneDrive/Python_Machine_learning_scikit-learn A e o 7= @
- Jjupyter Quit | | Logout
[J0 ~ W/ OneDrive / Python_Machine_learning_scikitlearn Name~ | Last Modified File size
o. seconds ago
[0 D dataset 4 months ago
O & 01-skleamn_install_intro.ipynb 3 months ago 164 kB
[0 & 02-sklean_simple_linear_regression_big_mac_index.ipynb 3 months aga 437 kB
[0 & 03-skleamn_multiple_linear_regression_|SLR_advertising.ipynb 3months ago 153 MB
[0 & 04-skleam_rain_test_splitipynb 3 months ago 51kB
[ & 05-pandas_dummy_variable.ipynb 3 months aga 77.2kB
(3 & 06-skleam_impute_missing_values.ipynb Jmonths aga 502 kB
[ & 07-upyter_doctest_mode ipynb 3monthsaga 113 kB
(0 & 08-statsmodels_logistic_regression_study_hour_wikipedia ipynb 3months aga 290 kB
(0 & 09-statsmodels_logistic_regression_study_hour_wikipedia ipynb 3months aga 290 kB
(0 & 10-skleam_logistic_regression_study_hour_wikipedia.ipynb 3months aga 273 kB
[J & 11-skleam_confusion_matrix_concept ipynb 3months aga 624 kB
[ & 12-skleam_dclassification_iris ipynb 3months aga 457 kB
[0 & 13-skleam_decisiontree_baskin_robbins ipynb 3 months ago 612 kB
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Import Function.

In [1]: import numpy as np
import pandas as pd
import seaborn as sns
import matplotlib.pyplot as plt

from matplotlib.font_manager import FontProperties

#matplotlib inline

%config InlineBackend.figure format - ‘retina’

#%config InlineBackend.figure format = 'svg’

Time Stamp.

In [21: nd.Timestamp.now(}
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9ano3 Ny K-Nearest Neighbors (K-NN) ﬁl'i’umumﬂuﬁwayaf?m%’u
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Aa a <3 [ a .
UseANTMNANUANUGIOANDI N K-Nearest Neighbors (K-NN)

OLS Regression Results

Dep. Variable: Elderly R-squared: 0.897
Model : OLS Adj. R-squared: 0.895
Method: Least Squares F-statistic: 395.0
Date: Tue, 06 Jul 2021 Prob (F-statistic): 6.42e-67
Time: 22:57:57 Log-Likelihood: -271.78
No. Observations: 140 AlC: 551.6
Df Residuals: 136 BIC: 563.3
Df Model: 3
Covariance Type: nonrobust

coef std err t P>|t] [0.025 0.975]
Intercept 2.5972 0.398 6.533 0.000 1.811 3.383
Food 0.0471 0.002 27.669 0.000 0.044 0.050
Occupation 0.1910 0.010 18.885 0.000 0.171 0.211
Teaching  -1.938e-05 0.007 -0.003 0.998 -0.014 0.014
Omnibus: 49.785 Durbin-Watson: 2.062
Prob(Omnibus): 0.000 Jarque-Bera (JB): 135.914
Skew: -1.399 Prob(JB): 3.07e-30
Kurtosis: 6.933 Cond. No. 487.

d‘ a Aa 9 S o Aa R .
3UM 4.17 uaalsz@nTnnd1unN529an83NY K-Nearest Neighbors (K-NN)
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a A 3 o a
YseanTamdmuanusidanes iy Simple Linear Regression (SLR)

OLS Regression Results

Dep. Variable: Elderly R-squared: 0.894
Model : OLS Adj. R-squared: 0.891
Method: Least Squares F-statistic: 381.2
Date: Sun, 14 Aug 2022 Prob (F-statistic): 5.60e-66
Time: 14:38:13 Log-Likelihood: -273.89
No. Observations: 140 AIC: 555.8
Df Residuals: 136 BIC: 567.5
Df Model: 3
Covariance Type: nonrobust

coef std err t P>]t] [0.025 0.975]
Intercept 3.0451 0.391 7.782 0.000 2.271 3.819
Food 0.0470 0.002 27.653 0.000 0.044 0.050
Occupation 0.1797 0.011 16.665 0.000 0.158 0.201
Teaching -0.0030 0.007 -0.428 0.669 -0.017 0.011
Omnibus: 50.782  Durbin-Watson: 2.089
Prob(Omnibus): 0.000 Jarque-Bera (JB): 131.355
Skew: -1.459 Prob(JB): 3.00e-29
Kurtosis: 6.741 Cond. No. 457 .

a a a Y 3 o D =2 . . .
3‘1.]7] 4.20 taalIANTMNAIUANLGEIOANDINY Simple Linear Regression (SLR)
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OLS Regression Results

Dep. Variable: Elderly R-squared: 0.967
Model : OLS Adj-. R-squared: 0.920
Method: Least Squares F-statistic: 3.562
Date: Tue, 06 Jul 2021 Prob (F-statistic): 0.0105
Time: 22:58:28 Log-Likelihood: -215.94
No. Observations: 76  AlC: 441.9
Df Residuals: 71 BIC: 453.5
DF Model: 4
Covariance Type: nonrobust

coef std err t P>|t] [0.025 0.975]
Intercept 10.5266 0.986 10.677 0.000 8.561 12.492
Food 4.4344 2.157 2.056 0.043 0.133 8.736
Occupation -0.4204 1.254 -0.335 0.738 -2.921 2.081
Teaching 0.4191 1.375 0.305 0.761 -2.323 3.162
Omnibus: 10.538  Durbin-Watson: 1.735
Prob(Omnibus): 0.005 Jarque-Bera (JB): 3.310
Skew: -0.004  Prob(JB): 0.191
Kurtosis: 1.978 Cond. No. 4.10e+03

{ a a g o a
gﬂﬁ 4.22 waaalsanimmmuanuEidanes iy Multiple Linear Regression (MLR)
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