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Input Layer Hidden Layer Output Layer

weights = 122 (Random) Transfer Func. = Sig, Sin, weights = .,
Bias = &, (Random) | Radbas. Etc. | Transfer Func. = Linear
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3) Weighted Extreme Learning Machine (Weighted ELM)
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4) AdaBoost Weighted Extreme Learning Machine
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o (% d‘ Y o asy d‘Q Yo A .
FrsununaosmMsTuundsemnuuurateaatd 315 sNHou1¥nUAD One-against-All SVM
18 One-against-One [22]
. A 9 9 L]
- One-against-All SVM [22] Gudu Taetloudoyaliog K aad
~d = A . 2 Y = o 1 2
HUupoumsinaeu Av K 110U Binary SVM daaeddnaauasas liil
= ' A A=
AnaeuserIgnalan 1 uazaalan 2 09 K
P ' ~ ~ =
ANE@oUILHINADIEN 2 aznaldhn 1, 3 D9 K
< : 4 PR St
AneeuszrInaatah 3 uazaanad 1, 2 09 K dluauiill @q
I ) [ v A
22 K Wutansuselumsaagula
. A 9 9 Y
- One-against-One SVM [22] Limuiﬂﬂﬂaumauﬂaiwag K aand
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(1,2),(1,3),..(1,K),(2,3),(24), .., (K — LK) (23)
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8) ﬁqmuﬂixﬁu (Activation Function) ttagino3tua (Kernels)
] a J o
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. ¢ & A A A A A o a
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Jdou A 4 . . .
1.4.7.1  WINFUFNUooa (Sigmoid Function) [22]
1

G(a,b,x) = m (14)
1472  Mansumdiaeu (Gaussian Function) [22]
G(a,b,x) = exp(=bllx — all*) (15)

d o J Aaa . . .
1.4.7.3  Wan¥ue15aaNe (Hardlimit Function) [22]
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lifa-x—b =20

G(a,b,x ={ ) 16
( ) 0 otherwise (16)
1.4.7.4 ﬁiﬁ%}uﬁaaﬂﬂﬂﬂ%ﬂ (Multiquadrics Function)

G(a,b,x) = (llx — all* + b*)*/? 17)

S o @
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U i LY U Single-Hidden-Layer Feedforward Neural Networks (SLFNs), Conventional Neural
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4 Y ' =~
qij‘]J!,L‘]J‘]J'O‘L!“] AuanyuzYed lnseviedseaniiey [14]

2.6.3  Open Source
Frameworks 19351 Uﬂﬁ AN Operating system LINUX UBUNTU 20.02 TLS
Stat tools and Language T Python Usznovlide SciPy 1ag NumPy

Visualization 1% Library Matplotlib
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